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ﬁleLisl<4isl files{pattern=""nc}; fileList<-list files{pattern=""nc");

for (i in 1:lengthifileList)) { PE ( for (i in 1:JengthifileList)) { o P
matrix [i] «= readMcFile (fileList[i]); matrix [I] = readMcFile (fileList{i]);
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Geo-statistical and Spatial Data Analysis with GRASS and
Use Case: G. Fann, J. Drake, B. Budhend

Quantitave Proteomics in Climate Extremes Analysis with pR
Biology with pR Use Case: A. Ganguly, M. Branstetter, S. Khan

Geographic Space vhmlu v Variable Space
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«Leverages the work by Markus Neteler Use Case: C. Pan and R. Hettich
(http:/igrass.itc.it/st /grass_g ts.html)

» Offers a richer set of statistical analysis capabilities including
(Basic Statistics, Exploratory Data Analysis, Linear Models,
Multivariate Analysis, Time Series Analysis, etc.)

*Provides high performance and parallel computational platform

Genes and pathways involved in aromatic degradation
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Sample of ~2,000 Liquid Chromatograph - ~3GB raw data +
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